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automated system, called Filtered Wall (FW), able to filter
unwanted messages from OSN user walls. We exploit Machine Learning (ML) text categorization techniques to automatically assign with each short text message a set of
categories based on its contentment. The chief efforts in
creating a strapping short text classifier are concentrated in
the extraction and selection of a set of characterizing and
discriminates features.
Generally, data mining (sometimes called data or knowledge discovery) is the process of analyzing data from different perspectives and summarizing it into useful information - information that can be used to increase amount, cuts
costs, or both. Data recovery software is one of a number of
analytical tools for examine data. It allows users to study
data from various different views, methods it, and sum up
the relationships spotted. Basically, data extraction is the
method of finding correlations or patterns among dozens of
fields in large relational databases.

Abstract-One fundamental issue in today’s Online Social
Networks (OSNs) is to give users the ability to control the
messages posted on their own private space to avoid that
unwanted content is shown. Till now, OSNs render little
backup to this requirement. To fill the gap implementing
new concepts of system allowing OSN users to have a
direct control on the messages posted on their walls. This
is attained through a limber rule-based system, which
permit users to custom-make the strain criteria to be applied to their walls, and a forge acquired-based soft classifier automatically labeling messages in support of content-based filtering.

I. INTRODUCTION
Information and communication technology plays a significant role in today’s networked society. It has affected the
online interaction between users, who are aware of security
applications and their implications on personal solitude.
There is a necessity to create more gurantee mechanisms
for different communication technologies, particularly online social networks. OSNs provide very little support to
prevent unwanted messages on user walls. With the lack of
classification or filtering tools, the user receives all messages posted by the users he follows. In most cases, the
user receives a noisy stream of updates. An information
Filtering system is introduced. The right form that targets
on a single of input: Lists which are a manually selected
group of users on OSN. List feeds tend to be focused on
specific topics; however it is still noisy due to irrelevant
messages. Therefore an online filtering system, which extracts such topics in a list of filtering out irrelevant messages.

II. EXISTING SYSTEM
Daily and continuous communications imply the exchange
of several types of contentment, including free text, picture,
audio, and video data. According to Face book statistics
average user creates 90 pieces of contentment each month,
whereas more than 30 billion pieces of contentment (web
links, news stories, notes, picture albums, etc.) are overlapped every month. shared every month. The immense and
impulsive character of these data creates the premise for the
employment of web content mining strategies aimed to
automatically discover useful information dormant within
the content. They are subservient to render an active support in complex and sophisticated tasks involved in OSN
management, such as for example recover control or data
separation. Data filtering has been widely diagnosed for
what concerns textual documents in recent, web contentment. More ever, the objective of the priority of these
commitments is mainly to provide users a classification
mechanism to avoid they are overwhelmed by unnecessary
data. In OSNs, data separation can also be used for a
unique, more erogenous, cause. This is because of the fact
that in OSNs there is the possibility of posting or commenting other posts on particular open areas, called in open
walls. Data separation can therefore be used to give users

In OSNs, information filtering can also be used for a various, more erogenous, purpose. This is because of the fact
that in OSNs there is the possibility of posting or commenting other posts on particular public/private areas, called in
general walls. In the proposed system Information filtering
can therefore be used to give users the ability to automatically control the messages written on their own walls, by
filtering out unwanted messages. The aim of the present
work is therefore to propose and experimentally evaluate an
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the ability to automatically control the messages written on
their own walls, by separating out unnecessary datas. We
trust that this is a key note OSN function that has not been
rendered so far. In our recent days OSNs render very few
support service to prevent unwanted messages on user
walls.

online setup assistant (OSA) to help users in FR specification, the extension of the set of features considered
in the classification process, a more deep performance
evaluation study and an update of the prototype implementation to reflect the changes made to the classification techniques.

A.) DISADVANTAGES OF EXISTING SYSTEM






However, no content-based preferences are supported
and therefore it is not possible to prevent unwanted informations, such as policy-making or unrefined ones,
doesn’t matter of the user who posts them.
Providing this service is not only a matter of using
previously defined web content mining techniques for
a various methods, rather it needs to make ad hoc classification strategies.
This is due to wall informations are constituted by
short text for which traditional classification methods
have serious limitations since short texts do not provide sufficient word occurrences.

III. PROPOSED SYSTEM
The aim of the present work is therefore to propose and
experimentally evaluate an automated system, called Filtered Wall (FW), able to filter unwanted messages from
OSN user walls. We exploit Machine Learning (ML) text
categorization techniques to automatically assign with each
short text message a set of categories based on its contentment. The chief efforts in developing a strapping short text
classifier (STC) are concentrated in the extraction and selection of a set of characterizing and unique features. The
solutions inquired in this paper are an extension of those
adopted in a previous work by us from which we inherit the
learning model and the elicitation procedure for generating
pre classified data. FRs can support a variety of different
filtering criteria that can be combined and customized according to the user necessity. More accurately, FRs utilizes
user indites, user associations as well as the creation of the
ML categorization process to state the filtering criteria to
be implemented. In excess, the system renders the support
for user-defined Blacklists (BLs), that is, lists of users that
are temporarily prevented to post any kind of messages on
a user wall.

A.) ADVANTAGES OF PROPOSED SYSTEM





A system to automatically filter unwanted messages
from OSN user walls on the basis of both message
content and the message creator relationships and characteristics.
The current paper substantially extends for what concerns both the rule layer and the classification module.
Most of the distinguishes include, various features for
filtering rules to better fit the considered domain, an
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IV. MODULES DESCRIPTION
A.) MODULES:






1.

OSN User module
Filtering process module
Online setup assistant module
Blacklisting process
Admin module

OSN User Module

In this module, users can create and manage their own
“groups” (such like the new Face book groups pages). Each
group has a homepage that provides a place for subscribers
to post and share (by posting messages, images, etc.) and a
block that provides basic information about the classification. Users can also activate additive features in their
owned page like view friends list and add friends by using
friend’s requests as well as share their images with selected
group’s members. The status of their friends requests are
also updated in this module.

2.

Filtering Process Module

In defining the language for FRs features, we assume three
main issues that, in our consideration, should affect an
information separation decision. First of all, in OSNs like
in everyday life, the same information may have various
meanings and relevance based on who writes it. As a resultant, FRs should allow users to state constraints on message
output. Output on which a FR applies can be selected on
the basis of several different criteria; one of the most relevant is by imposing conditions on their profile’s attributes.
In such a way it is, for example, possible to explain rules
applying only to young creators or to creators with a given
general view. Given the society and its intercommunicate
sequence, creators may also be spotted by utilizing information on their social graph. This implies to state features
on category, depth and trust values of the association(s)
creators should be involved in order to apply them the specified rules.

3.

Online setup assistant module

In this module, we address the problem of setting thresholds to separating rules, by conceptualize and bring into
exsisitence within FW, an Online Setup Assistant (OSA)
procedure. For each message, the user tells the system the
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decision to accept or decline the information. The accumulation and treating of user decisions on an adequate set of
messages distributed over all the classes allows computing
customized thresholds representing the user attitude in
accepting or rejecting some contents. Such information’s
are selected according to the following operations. A particular amount of non neutral informations taken from a
fraction of the dataset and not belonging to the trail and
error sets, are categorized by the ML in order to have, for
each information’s, the second level class membership
values.

4.

Blacklisting Process module

A further component of our system is a BL mechanism
to avoid messages from unwanted creators, independent
from their contentments. BLs are directly controlled by the
system, which should be able to identify who are the users
to be inserted in the BL and decide when users retention in
the BL is done. To increase the capability, such information
is given to the system through a set of conditions, thereafter
called BL rules. Such rules are not defined by the SNM,
therefore they are not considered as general high level directives to be applied to the whole sector. Instead, we focus
to let the users by utself, i.e., the wall’s controller to specify
BL rules regulating who has to be banned from their walls
and for how long. This principle works for those users that
have been already inserted in the considered BL at just one
time. In contrast, to catch new bad activities, we use the
Relative Frequency (RF) that let the system be able to
detect those users whose messages continue to fail the FRs.
The two calculated can be computed either locally, that is,
by calculating only the messages and/or the BL of the user
specifying the BL strategy or globally, that is, by taking in
account all OSN users walls and/or BLs.

5.

OSN Admin Module

In this module, the admin manage all user’s information
including posting comments in the user status box. Each
unwanted message has an alert from admin that provides a
place for post and share for the respective user walls. And
admin can see blocked message from the users and also that
provides information about the user who used the blocked
message. Admin can also enable additional features in their
owned page like user list, adding unwanted message, update unwanted messages, Blocked users list and finally
filter performance graph. And also in this module, we show
the performance evaluation of the system in the graph.

processing taken out on this data and the resultant data is
taken by this system. The data flow diagram (DFD) is one
of the most important simulation tools. It is utilized to
design the system structure. These components are the
system process, the information accessed by the process,
an outward entity that interacts with the system and the
information flows in the organized structure. DFD depicts
how the data pass through the system and how it is
modified by a series of alterations. It is a pictorial
technique

that

depicts

information

flow and

the

transformations that are applied as data moves from input
to output. DFD is also known as emit chart. A DFD can be
utilized to introduce a system at any level of précised
content. DFD may be segregated into levels that represent
increasing information flow and functional detail.
Login
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Status Update

NO

Unauthorized User

Find Friends

Sending Request

Share Images

AllowPivacy Setting

View Friend List
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Fig 1. Data Flow diagram

V. SYSTEM ARCHITECTURE

B.) Data Flow Diagram
The DFD is also called as emit chart. It is a simple
graphical measurement that can be used to represent a
system in terms of input data to the system, different
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Moreover, we are aware that a usable GUI could not be
sufficient, corresponding only the first step. The recent
system may suffocate of problems similar to those encountered in the specification of OSN security settings. In this
content, different empirical studies [53] have shown that
average OSN users have difficulties in understanding also
the simple privacy settings provided by today OSNs.

VIII. SCOPE FOR THE FUTURE
As the future work and our contribution enhance the system
by creating an instance randomly notifying a message system that should instead of being barricade, or identifying
changes to profile imputes that have been made for the only
purpose of defeating the separation system. Basically user
will get a mail acknowledgement.

Fig 2. System Architecture

VI. SYSTEM REQUIREMENTS

IX. SCREEN SHOTS

Senders Source Node:

A). Hardware Requirements
SYSTEM
:
Pentium IV 2.4 GHz
HARD DISK
:
40 GB
MONITOR
:
15 VGA colour
RAM
:
1 GB
KEYBOARD
:
110 keys enhanced.
B). Software Requirements
Operating system :
Windows XP or Above
Front End
:
JAVA JDK 1.6 & above
Back End
:
Microsoft Sql Server 2005
Tool
:
Net Beans IDE 7.0
VII. CONCLUSION
In this presented a system to filter undesired messages from
OSN walls. The system utilizes a ML soft classifier to enforce customizable content-reliable FR’s. Moreover, the
lenience of the system in terms of filtering options is enhanced through the maintenance of BLs. This is the first
move of a broader project. The primal supporting results
we have obtained on the segregation procedure prompt us
to continue with other work that will aim to improve the
quality of classification. In concern, upcoming plans consider a deeper investigation on two interdependent tasks.
Even if we have complemented our system with an online
assistant to set FR thresholds, the improvement of a total
system easily usable by average OSN users is a wide topic
which is out of the scope of the present paper. As it is
created facebook application is to be meant as a proof-ofconcepts of the system core procedures, rather than a complete improved system.
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Fig 3. Senders Source Node

Total Number of Nodes:

Fig 4. Total number of nodes

Network Construction:
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